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SER . ATEE (2023). In Wikipedia. Retrieved 2023/10/17.
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https://en.wikipedia.org/wiki/Artificial_intelligence
https://zh.wikipedia.org/wiki/%E6%9C%BA%E5%99%A8%E7%AE%A1%E5%AE%B6

ALEZ(#E)

O NILEZEEHKREE  MERE  SIERAE B
RZA - B S REMRE R AR
* BEMO M AREERIAVK RS2 BB
* SEERABRNNEEFRREMEENERXZ2M
¥ RIBOEIVEHENER -« 55T - REMBRIERUE R A0

* BeATRA AR T AL ML B RRVESZMBENRER

o RIBEBETREEME=/KE - oJLIRAIRF D RAE
2Rl - B ERIER RIS AR BEZ0 2 25 10 73 FEHh
IEPNNISELES:

EU guidelines on ethics in artificial intelligence: Context and implementation

Ethical Issues in Research with Artificial Intelligence Systems

Principles for the Ethical Use of Artificial Intelligence in the United Nations System



https://www.europarl.europa.eu/RegData/etudes/BRIE/2019/640163/EPRS_BRI(2019)640163_EN.pdf
https://www.intechopen.com/chapters/1127065
https://unsceb.org/sites/default/files/2022-09/Principles%20for%20the%20Ethical%20Use%20of%20AI%20in%20the%20UN%20System_1.pdf
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;;E\lf——‘_ 1‘51 (Decision Tree)

\

NAZEERMEET R EE AR

Dependent variable: PLAY

Play golf dataset ey 9
Don't Play 5
DA o< -

OUTLOOK TEMPERATURE | HUMIDITY WINDY PLAY @UTLOOK
sunny 85 85 FALSE Don't Play |
sunny 80 90 TRUE Don't Play SHAD TR e
overcast 83 78 FALSE Play
rain 70 96 FALSE Play
rain 68 80| FALSE | Play [p]ay gJ Play d Play 3
rain 65 70 TRUE Don't Play Don't Play 3 Don't Play 0 Don't Play 2
overcast 64 65 TRUE Play VAN
sunny 72 95 FALSE Don't Play HUMIDITY 2 WINDY ?
sunny 69 70 FALSE Play
rain 75 80| FALSE  |Play <= 70 > 170 TRUE FALSE
sunny 75 70| TRUE Play ! \ \
overcast 72 90 TRUE Play
overcast 81 75|  FALSE | Play Play 2 Play 0 Play 0 Play 3
rain 71 a0 TRUE Don't Play Don't Play 0 Don't Play 3 Don't Play 2 Don't Play 0

ARER — BRER
B E 4 (properties)

EEENEE (supervised learning)

JEEL £ 7 B 2T
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https://zh.wikipedia.org/zh-tw/%E5%86%B3%E7%AD%96%E6%A0%91
https://zh.wikipedia.org/zh-tw/%E5%86%B3%E7%AD%96%E6%A0%91

éj\ iﬁ\ (Classification) —

ifl:é |-HIE_I_| % 4‘%% (Suppgzrf Vector Machine)
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https://zh.wikipedia.org/zh-tw/%E6%94%AF%E6%8C%81%E5%90%91%E9%87%8F%E6%9C%BA

§j\ %i (Clustering) — K-Means

o6 B /K&
EERFE |

0.2

0.1

ol 0F &3 oG4 05 o0& OF 0B 09 1

Demonstration of the standard algorithm

1. kinitial "means” (in this 2 kclusters are created by 3. The cenfroid of each of the 4. Steps 2 and 3 are repeated

case k=3) are randomly associating every observation  k clusters becomes the new until convergence has been
generated within the data with the nearest mean. The mean. reached.
domain (shown in color). partitions here represent the

Voronoi diagram generated by
the means.



https://en.wikipedia.org/wiki/K-means_clustering

A AR 12 (Artificial Neural Networks)

output layer

REEE (Deep Learning)
AEIZESH#EE! (Large Language Model)

B R —


https://zh.wikipedia.org/zh-tw/%E4%BA%BA%E5%B7%A5%E7%A5%9E%E7%BB%8F%E7%BD%91%E7%BB%9C

®

}Ié
S

/

AR (78)

. 2 - Training Stage
1- Selecting an untrained Learning to dgtm ci

neural network model from existing data

]!
I
I

3 - Inference Stage
Applying new data to the
trained model for prediction

Training Dataset
(cat finder)

. )S %

New Data

-

B 5 RiR



https://www.aldec.com/en/company/blog/177--how-to-develop-high-performance-deep-neural-network-object-detectionrecognition-applications-for-fpga-based-edge-devices
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AMARABITEXREHRESEIEINSEHEBIZER - BEEBalEpk—
BxHA "RE ., IVEIBHESs

2014 FHEAEEBEREREL (= EREBEESREHAE)  BRE 2020 FEkE=EHERFAE
EAEE=nEBEE . S HMENESEEZRERE A AREMmEHR  IAXKEESWA R » (tEFESRE - &
S - FTEHE - TEREBHEAEE » SHEAMEEFSIETFSS - #F 2018 &£ 3 AEMERFE -
HfHE S AREEEFBHEEHMNER TEIALEEESE  LLEREoEESHEEEEEE EE
EEWEELS -

EESESH . IF 2018 F 4 HSAASERSIFE  AAEEERES ( Immigration New Zealand ) i
+NEHRAEBET —IEEEITZE ( pilot programme )  EHERSEEEEEESEEEMSE

B2 - Al - IEE - JESRAiE - EFEERAXNELEEER EnEEL—BEEEER  EEER
( harm model ) » AL B EE T AEMNEREINIREEES M EILRFT RATREZEE

4 —BEAsTHELbERETSHEFRERAETSEESIENETZSE S EEREEZENBE
HE CFES SEHEHEEELRIE -

dmEEESEETERERASESAANBEFESERENTE M~V EEEREEEEIEAR
B -—fHHEEEEmnERERNdNEEESSEEE8HE  FETER  EEESEREEEHEEE

ZHESEEMNSHRBEFHESAIE  EEERE L SR FESRETErI EHSErm
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GDPREZAI

mrTEEAEEEATEEZEENHEAERREZZEE  BE—mERAFEZREA ( General Data
Protection Regulation, GDPR ) # % B #{53 % ( automated decision-making ) ME 347

( profiling ) BEASRE - {&K3E GDPR FE 22 (1) ERF » @B BS{EERER ( Bl EHR
BAT ) FRTEABIAE - SIS ERIE= A (data subject) EEEZEUESRELUS AEFER i
== A\NEEEAZZCRENINE - iz "SRERBEECERERMRER AR,  BHREESR
BARZERNERT  BEEWOXIELRRSE -

ST - GDPR LF EX 22 FGRERESHCERREFERNES  MEEEERFSEANE
BHESAEE ZRANSRAELUBAFE , - 6 : ASBE=G)eBEcHRNEE 0@
EEMEHE . THRKESRATEEESS AR . 25 A 045 88 25 5 i B 1 7 SRk
PIZ 4 BERERERT  EENASEEREFRZL ; MEMSSZ TRESKEEEERD
EESRGERIER  HUEFSESEZRYURIEAFTE - IR GDPR & 22 FZ L2 -

L5 MMRBREERLT =8N : (1) J[ETHEBETRAME (2) EBERAXEEZSEEAERM
=i (3) KRERSEEANRATREE  DUEBREEENCEREEAXIERE - B2 » ERE
#l= ( data controller ) M1 EREEZEE ( data processor ) MEBZFFILITZEFE : (1) EFHEEF
IERFBAMERIT —SFEANERESA; (2) EM@EELTEER  FINIREILETERNRES
FFffi ( Data Protection Impact Assessment, DPIA ) It ffiiFEEZ=IE ; (3) EHERES A#
HNITEEE  INESAERSZSPHER -

ATESRRTEEE "RRE . - ABEZNOHEAR ST ?



https://buzzorange.com/techorange/2018/08/21/how-big-data-and-ai-will-develop/
https://buzzorange.com/techorange/2018/08/21/how-big-data-and-ai-will-develop/

O [ERL AR R

O TRETEE

O Al ABEHRE

O RKRAZMIHIRER

O B &1L T, == (automation and employment)
O B & % 4 (autonomous systems)

O ¥z M IE (machine ethics)

0 NiEEEIERE R (artificial moral agents)
O ZFE i (singularity)

Ethics of Artificial Intelligence and Robotics
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https://plato.stanford.edu/entries/ethics-ai/

SThEAES

Privacy & Surveillance

C HRBAER - ol plEABHEREF
O RERMEEEZARAEAEENEMEER
oAIiEH[IT*“H:“frJrHQ,’Eﬁ[:“JrJr > AT HY B BE
CRREFLRPHARER - EMEENIESE
/\:”“/H
=2 5 Al (Device Fingerprinting) ~ 17 Kt B
O B/ 2R MEREEBE S
Cc NI EERECHEYIE - S2WmH - §2518
FROTERNE RN EZRE
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I\/Ianlpulatlon of Behavior
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O tBm ~ EMNES - THEEIBUEERE

© DeepFakel& 7K

> /\_Z%ﬁfm H s 2B IKERAENER
Hill - EEREFBREEEEMMNERIENEE
miimE 2 B EES

# TO BE OR NOT TO BE
# EITHER...OR...
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Bias in Decision Systems
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d B =R ]
FERALEZEREERR
Principles for the Ethical Use of Artificial Intelligence in the United Nations System
(> KZ%BM%%(DO not harm)
i EE% E E/‘] ) z\g'rétL%D;E%?'réE(Deﬁned purpose, necessity

and proportionality)
wan T2
(> ﬁji\im 1%%‘(Safe and security)

o /AZZ %Dglzlfi ?%(Fairness and non-discrimination)
> 2 \ Z%'rl:'tl_(sustainability)

o B %A*& 7|'—H%;;$D 7H }E(Right to privacy, data

protection, and data governance)

A_I_E ‘ 7|: %Dm B (Human autonomy and oversight)
> ﬁ EIH )E *D —_[@F ;k% rétl_(Transparency and explainability)

% o E'TZZ 5F|:| FIEﬁ ﬁ(Responsibility and accountability)
} 1 o %@%D@g(lnclusion and participation)

19


https://unsceb.org/sites/default/files/2022-09/Principles%20for%20the%20Ethical%20Use%20of%20AI%20in%20the%20UN%20System_1.pdf

R 4

I

ALEZEESENER

(Asemi, Ko, & Nowkarizi, 2021; Cox & Mazumdar, 2022; Ojala, 2021b; Oyelude, 2021)
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Chatbot In Libraries — Collection
Search

EREREN .
HFEE EFERE WTMARC, SREE  SUENEST
AN &Eﬁﬁ§ﬁ HEE: WEE: BRT: F3hL WEEmREE
HEn: s 4 w3z W
75 MRS SEERERt O BE .
HENENZHEER/EE (BTFER / BA T
&, Jin Ha Woo® mEs e
http://www.lib.ntnu.edu.tw/holding/doQuic o :mﬁjm
kSearch.jsp?action=view&param=%2Fsear peinsecy 9P
ch*cht%3F%2F X% 7Bub5B0% /D% 7Bu591 52 b e L M ot
A%7D%7Bu76CA%7D%26SORT%3DD%2F i
X%7Bu65B0%7D%7Bu591A%7D%7Bu76 s syl
CA%7D%26SORT%3DD%26SUBKEY%3
D%25E6%2596%25B0%25E5%25A4%259 ol
A%25E7%259B%258A%2F 1%252C175% e man BaGAN o 82
252C175%252CB%2Fframeset%26FF%3 'ZRASER S B -0 TR
DX%7Bu65B0%7D%7Bu591A%7D%7Bu? bt med il
60A%7D%2680RT%3 DD%26-I %25201 %2 1 it RERERSSTARETE (EFEN]/ FAM, Jir Ha WooEH, T8 B4 SIS, 2007 R108] memm ‘2;7
52C Bt i hsccoyiiigorsmpdce
; EZHR: http://www.lib.ntnu.edu.tw/hol _ — o i
ding/doQuickSearch.jsp?newQuery=true& oI, Rmimmaae S Saw FeERE
searchtype:)(&search:ﬁ&ﬁ AM 12:04 2 seiriririy FAMFS QIS AN - ARETTACOM { Vuraun Chol. Hors Areft ; WETR, BFRAISEF (Chol. Yunsn HELLAT: 20
wain nEw i} Emam

B SEMEAXSESES EHEMKRANEZEET G

T, .



https://etds.lib.ntnu.edu.tw/thesis/detail/36e0b261bc0ece6e7598d8ce1a71fe93/?seq=1

Chatbot in Libraries — Opening
Hour

EEES KM

AM 3:12

RAMERL, E8H (FH) SERERE:
08:00-22:00; 4288, #O4+88: 08:00-21:0
0

BEHE: http//www.lib.ntnu.edu.tw/abou

t/opening-hoursjsp
O R B
ElEREME—8,
EEZHE: http//www.lib.ntnu.edu.tw/abou
t/opening-hours.jsp TR
T EEET 31ANE

Lo EEEEERERE?

BAX (201907 15)4#85:08:00-21:00; 288 # O
08:00-17:00

EEHA: http://www.lib.ntnu.edutw/abou
t/opening-hours.jsp

T REMEERE

PM10:17

EERAE. FOERAFEESEFEMRREE
B2 "MMEEEL ; http://www.lib.ntnued
u.tw/about/opening-hours.jsp

BT 'RIER ¢ hitp//www.lib.ntnu.e
du.tw/announce/news.jsp

E il

! EEE201973184R7

2019073102, ME2:.08:00-21:00:408,
#0O 08:00-17.00

ESHR: hitp/wwwlibntnu.edutw/abou
t/opening-hours.jsp

| ESREAS+-—AmE

20190731 5RXFME, #H8-08:00-21:00;448,
#0O 08:00-17:00

EHHR: hittp:/fwww libntnu.edu tw/abou
t/opening-hours.jsp

20190731 EME, WE.08:00-21:00; 488,
#[1 08:00-17:00

BEHAL: hitp/www.lib.ntnuedu.tw/abou
t/opening-hours jsp

T 108/7/31 AREE?

20190731 XM, ME:08:00-21:00:418,
#1] 08:00-17:.00

WEHM: hitp//www.lib.ntnuedu.tw/abou
t/opening-hours.isp

B EEEMSE AR EEESE AR ARTEN G

U FEmMSNEEE, TUEE?

iy, SR AESESEMUEMAISHE
TRBEAS) @ hittpo//wwwlibntnu.edutw/a
bout/opening-hours.jsp

WENE "®RITEE, . httpy//wwwlib.ntnue
dutw/announce/news jsp

ESE



https://etds.lib.ntnu.edu.tw/thesis/detail/36e0b261bc0ece6e7598d8ce1a71fe93/?seq=1

Chatbot In Libraries — Q&A

R F R

PM 11:27

FEHMEEEERERN A, TEAS RO
i, IRERMGER (S, 2. 8#):

(1) =E>SURMERARRS R0 (NDDS) (FH#): ht
tp:/ fwww lib.ntnu.edu.tw/service/dds.jsp
(2) MRS R BUE R #5 (Rapid ILL) s http//
www.lib.ntnu.edu.tw/rapidill/rapidill.intro.js

R

(AEEB—EWMEEES: http://www.lib.ntnu.edu.
tw/service/interloan.jsp

(4)EEPRSEE SRS hitp://www.lib.ntnu.edu.
tw/service/illsign.jsp

FHEE:
http://www.lib.ntnu.edu.tw/coidbarrow/coi
dbarrow.userrev.js

EiE

PRESEELISAERER

MELEBE BT, BFER, TTEEESEE
HEC-ESEER-ERERES (htto//www.li
b.ntnu.edu.tw/holding/index.jsp), THIzl
BEEEERIE SN TR ELESTE
FETES, I BRTFENETRE (£,
(ETHERME), \TAARTLUEE FI&, (BRE
R, 2 /T4 (EEER). SR
ERARNER, RS EHMESEFRE—
. BE&R), WEEAXMERERS(NDD
S. Rapid ILL)BEERETR, #1681

O R

EHESETRE > 8 LR > Sih R TG

R E (http://www.lib.ntnu.edu.tw/study/st
udy.userrev.jsp), EARRERLAMERTES

. PERMEAEAIE (RL8FKE) E15H

FBORE B (B EREFZHEEE), SEE
ERPEAREESEEEENS. EEEAIS

B 55 = (E R R Bl (hitp://www.lib.ntnu.edu.t
w/service/studyroom sjsp), #iii! P

L EAEBEANEEER?

PM 4

FAERERER T S, EHEXR. E3.
RER, BRR., EHASEAESERS
AWANRIEE, &RATESEMNERUERNEET]
SHVER: http://www.lib.ntnu.edu.tw/abo
ut/opening-hours.jsp. BREATEER. &3
@l

R mesm e

EEEE RN JURGERERR,
ARAFHEE B HESRREF 2 FREMSAE

B. BRRGERZAE, S2EERAPLEE

#8E: https://www.itc.ntnu.edu.tw/index.ph
p/wirelessnetwork/ T

B = EEMSE AR EEESEENRSAREEENE



https://etds.lib.ntnu.edu.tw/thesis/detail/36e0b261bc0ece6e7598d8ce1a71fe93/?seq=1

Face Recognition Access
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https://www.facebook.com/iotfocuslab/posts/2055713651363282/
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https://etd.lib.nycu.edu.tw/cgi-bin/gs32/tugsweb.cgi/ccd=C74wfq/record?r1=70&h1=1
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B iy Livcury 1C T U L1 - Mo [ Egkn

mﬂmwnmﬂm -

W - o= - D O] Oee Sreesw gae A - DT - 88
) P e e ey =] = A=
G-.:-‘-_g.;-__l =] sk Wb EBeihBie @ Reeiol - 0 - #0000

’;!ﬁ HESKCTU Sl St Sk Wi [ smmw [ mae |
- | (e
R AR A | EEM SR =
I ERE b i, MR PIEEAEN] ©
i i
L ULRE T o (W =
e AT ITTETE b et et e )
m:-:- EREEEE A SRR eEE !
i TLs s
ERS
A
HEETE N .2 5|
BHFIE
=11 ||

EARE R AR BN (R EIZE - AmazoniEiE)

[El = BE fE B RC SR IR B 2 4R

30


https://etd.lib.nycu.edu.tw/cgi-bin/gs32/tugsweb.cgi/ccd=C74wfq/record?r1=67&h1=1

et EF b (a8 R

Ce=2x] ‘ hitg7140.113.73 89 080 stiprofils. pip Psuthor="Wei-Pang B0 Tang Google
-~

Personal Semantic Query

Recommendation Adaptive level memory caches on World Wide Web servers
Da-Wed Chang Hao-Fen Fie Boet-Chuan Chang , Compater Metworks 32 {20000 261 £275
RFC-News: a real-time, personalized, Chinese news system
Da-Wei Chang Ing-Chou Chen Hao-Fen Ke Bnel-Chuan Chang | lntemet Besearch: Electronic Netwosking Applications and Policy
Content Management
A4 probability model for reconstructing secret sharing under the internet environment
Ching-Yun Lez ¥i-Shiung Yeh Deng-Jvi Chen Kuo-Lang Kn , Information Sciences, Vobime 116, ues 24, 1999, Pages 109
127
Wodel Calculations to Estimate the Probability of Secrete Reconstruction in Computer Environments
Ching-'on Lee Yi-Shiung eh Deng-Jvi Chen , Information Management £ Computer Secwty Volume 9, isve 1, 2001, Pages
1300
Content-based Image Relrieval
CONTENT-BASED AUDIO RETRIEVAL BASED ON GABOR WAVELET FILTERING
Fuei-Shiang Lin Ling-Hwel Chen , hnvemational Joumal of Patiem Reoognition & Arificial Inelligence Volume 19, Lsne,
September 2005, Pages $23-837
A NEW APPROACH FOR AUDIO CLASSIFICATION AND SEGMENTATION USING GABOR
WAVELETS AND FISHER LINEAR DISCRIMINATOR
Fuet-Shiang Lin Ling-Hwet Chen , Infernational Jowmal of Pattern, Recogrition & Arifictal nteligence Volume 19, bsved,
September 2005, Pages 807-822
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Community Genetic Algorithm
Recommendation Particle swarm optimization with recombination and dynamic linkage discovery
Ying-Fing Chen Wen-Chih Peng Ming-Chung Jian | [EEE TRANSACTIONE ON SYVSTEME, MAN, AND CYBERNETICE—
PART B: CYBERNETICE, VOL. 37, NO. &, 1460-1470
An educational genetic algorithms learning tool
Ying-Hong Liao Chuen-Tzad Sun , [EEE TRANSACTIONS ON EDUCATION, VOL. 44, NO. 2, MA' 200]
Memory Cache
AdaptiveJevel memory caches on World Wide Web servers
Dia-Wes Chang Hao-Ren Fe Rust-Choan Chang , Compaier Metworks 32 (000) 2611275
Reliability Analysis
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https://etd.lib.nycu.edu.tw/cgi-bin/gs32/tugsweb.cgi/ccd=C74wfq/record?r1=26&h1=1
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Smart shelf

Item status synchromzat\on

Smart sheIf management
~ system
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http://www.chefile.cmru.ac.th/curriculum/2564/human/human_curriculum12/SAR4/KPI4.2/4.2-1-1The%20Status%20and%20Challenges%20of%20Information%20and%20Library%20Science(1).pdf
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https://www.nlpi.edu.tw/ReaderService/SmartService/Service10.htm
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https://towardsdatascience.com/the-little-robot-that-lived-at-the-library-90431f34ae2c

Burara Sheld
Reading Robao

SENSERBOT



https://www.youtube.com/watch?v=R5AMHSnccNs



https://intelligentrfid.com.au/automated-material-handling/
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(Named Entity Recognition)
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EMEERI - —HMEEBHEERE A - &
IEEZEZIS T At BRI EFNY) -
N=2, 1=4, W=} 4 D {F {5 At » dikes At » BELAL > § oL Ak}
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(5F#) - TEFEESHZEX SN (FinE s EE5 15
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B BEAEHEEZHHEEFE - MR  FEREEE
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N=2, 1=4, W=3%4b D { & 3 3¥4s)

Automatically recognize persons, places,
events, and organizations (like poetry clubs) in
the full text of biographies

Taiwan Biographical Database (TBDB)
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簡報者
簡報註解
In order to semi-automatically populate the ontology, we develop an algorithm that automatically recognizes persons,  places, events, and organizations in the full texts of the biographies

https://ieeexplore.ieee.org/document/8203522
http://tbdb.ntnu.edu.tw/

EEEACI:@j(E /1 E/JAHAA /t; |J

€ OpenCV (https://opencv.org/) is used
for face detection
€ Precision: 32.38%0, Recall: 98.16%0



https://www.libres-ejournal.info/3456/
https://opencv.org/
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FERAALEEZESIE, (Long & Magerko, 2020, p. 598)
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7 - DURETAIERBIHEFIMEE R J (Laupichler, Aster, Haverkamp, &
Raupach (2023, p.1)
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(Laupichler, Aster, Haverkamp, & Raupach, 2023; Laupichler, Aster, & Raupach, 2023)
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BEERVAIFIREH R TIEF-
B-WHEEL MODEL

(Gasparini & Kautonen , 2023; Kautonen & Gasparini, 2024; Kautonen & Gasparini, 2023)
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AeEE = AIB-Wheel Model

=

Overview:

® B=Bauhaus School of Art and Design (German)

® Holistic, Learning by doing, Collaboration with ——
the industry ‘Eﬁ* ATION To 4;{9

® Design thinking workshops g

Five levels:

Outmost circle = orientation to Al basics
Coloured circle = existing fields of library
operations

Middle circle = Al-improved activities or
tasks (i.e., motivation to implement Al)
Inner circle = Al tools and practices that

enable the operations and activities
Centre of the circle = unified competence

building through sharing of experiences
and knowledge.

\ ! (Kautonen & Gasparini, 2023)




B-Wheel: Metadata Production
and Validation

~ Activities, for example:

» o

o il
\ (Kautonen & Gasparini, 2023)
P 59

® (Semi)automated metadata production
(MARC records, DC records, etc.)

@® Multilingual subject indexing
(terms from a LOD ontology)

@® Etc.

Tools and practices, for example:

academic publishers)
More to be found on ai4lams list:

ai4lam - Activities/Projects (google.com)

@® Annif.org, automated subject indexing 5

® Chat GPT, Al chatbot o® Multilingual

@® Yewno Unearth, semantic categorisation (for . subject indexing
o



https://www.yewno.com/unearth
https://www.yewno.com/unearth
https://sites.google.com/view/ai4lam/ai-registry/activitiesprojects
https://sites.google.com/view/ai4lam/ai-registry/activitiesprojects
https://annif.org/
https://chat-gpt.org/
https://www.yewno.com/unearth
https://sites.google.com/view/ai4lam/ai-registry/activitiesprojects

B-Wheel: Discovery and
Information Retrieval

Activities, for example:

Algorithm-powered search

Algorithm-powered recommendation
Data-based logistics
Etc.

Iris.ai, smart search

Vespa.ai, text search engine

Keenious, literature recommendations
Yewno Discover, explore scientific resources
Chat GPT, Al chatbot

Open Knowledge Maps, visual search engine
More to be found on ai4lams list:

ai4lam - Activities/Projects (google.com)

60


https://www.yewno.com/discover
https://www.yewno.com/discover
https://openknowledgemaps.org/
https://openknowledgemaps.org/
https://sites.google.com/view/ai4lam/ai-registry/activitiesprojects
https://sites.google.com/view/ai4lam/ai-registry/activitiesprojects
https://iris.ai/
https://vespa.ai/
https://keenious.com/for-librarians
https://www.yewno.com/discover
https://chat-gpt.org/
https://openknowledgemaps.org/
https://sites.google.com/view/ai4lam/ai-registry/activitiesprojects

B-Wheel: Information Literacy
for Librarians and Patrons

Activities, for example:

@® Provide Al literacy training

@® Provide guidelines for Al ethics
@® Increase Al competencies through

education and training
® Eic.

Examples and best practices, for example:

® |FLA statement on libraries and Al (PDF)
@® Fast.ai, training for practical data ethichs

-.‘:'-q =S

\ ! (Kautonen & Gasparini, 2023)


https://www.ifla.org/wp-content/uploads/2019/05/assets/faife/ifla_statement_on_libraries_and_artificial_intelligence.pdf
https://www.ifla.org/wp-content/uploads/2019/05/assets/faife/ifla_statement_on_libraries_and_artificial_intelligence.pdf
https://www.ifla.org/wp-content/uploads/2019/05/assets/faife/ifla_statement_on_libraries_and_artificial_intelligence.pdf
https://ethics.fast.ai/

dha

L/

B-Wheel: Support Services for
Research and Education

Activities, for example:

Automatic meta-analyses and reviews
Relevance evaluation for publications
Machine-generated references

Workshops, courses, etc. provided by the library
Etc.

Tools and practices, for example:

Iris.ai, automated analysis, summary, and
systematisation of publications

Feedly, news aggregator _ _
Rayyan.ai, automatic systematic reviews

Resoomer, automatic text summaries
See also:

(Kautonen & Gasparini, 2023)

S .
e UG Machine-
generat

Resoomer


https://iris.ai/
https://feedly.com/
https://www.rayyan.ai/
https://resoomer.com/en/

Examples of Al-improved library

(Kautonen & Gasparini, 2024) aCtiViti eS

Table 1

Examples of Al-improved library activities within diverse library operations.

Library operations

Examples of Al-related activities

Metadata production and
validation

Collections management
(including digitization)

Systems development or
procurement

Discovery and information
retrieval

Information literacy for library
staff and patrons

Support services for research
and education

Leadership and administration

Acquisition of information
resources

— (Semilautomated metadata production (MARC
records, DC records)

— Multilingual subject indexing (terms from a
LOD ontology)

— Automatic recognition of text, images, sound,

— wideo, etc., in the digitization process

— (Semijautomated collections management

— Shelving robots

— In-housze development of machine learning
(ML) and Al-powered systems

— Procurement process of ML/AI products or
services

— Partnerships for developing ML/AL systems

— Algorithm-powered search

— Algorithm-powered recommendation

— Data-based logistics

— Provide Al literacy training

— Provide guidelines for Al ethics

— Increasze Al competencies through education
and training

— Automatic meta-analyses and reviews

— Belewvance evaluation for publications

— Machine-generated references

— Workshops, courses, and instructions provided
by the library

— Formulate Al strategy for the library

— Establish Al labs for staff

— Establish Al labs for students

— Adopt algorithm-powered operations man-
agement systems

— Prediction of use of information resources

— (Semilautomatic selection of new materials
(based on data about use)

— Set Al application criteria for licencing
agresments or contracts

63



Al-Based Tools for Research

(Gasparini & Kautonen, 2023) Li b rari eS

AlI-BASED TOOLS for research libraries

Updated September 2023

Name

Description

Research support

IRIS (.ai) and IRIS
workspace

Literature search and analysis.

Iris workspace also can summarize articles and abstracts

Yewno (.com)

Semantic map and navigation-based topics. Connected to medicine
databases and databases of clinical trials

Keenious (.com)

Comes with suggestions for articles that can be referenced while
writing a text

ConnectedPapers (.com)

Navigation between articles

SemanticScholar (.org)

Creates a list of articles

Research rabbit (.ai)

Mavigation based on authors and topics

Open knowledge maps
(.org)

Creates groups and clusters of articles based on topics

Annif (.ai)

Automatic indexing and classification of documents

Feedly (.com)

A research assistant monitors the web for relevant information
related to a research topic

Rayyan (.ai)

Simplifies the work with systematic overviews

As-review (.nl)

Simplifies the work with systematic overviews. Open source and run
locally on the computer.
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